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Introduction

Advances in artificial intelligence (Al) could potentially reshape business processes and increase
productivity (e.g., Filippucci et al. 2024). The adoption of disruptive Al technologies remains in its early
stages but is accelerating (e.g., Do et al. 2026), and as Al adoption expands, so do concerns surrounding
impacts on employment. However, empirical evidence so far reveals a nuanced story. Although Al could
be changing the way some people work in Canada (Hahmann and Lovei 2026; Statistics Canada 2026a),
Mehdi and Frenette (2026) found no broad evidence of a structural break in employment trends following
the public launch of ChatGPT in November 2022 or of diverging trends based on the occupations’
potential exposure to and complementarity with Al.1

Mehdi and Frenette (2026) focused on employment and job vacancy growth (labour market stock
measures). However, the economy experiences substantial labour reallocation. Workers leave firms for
better job opportunities. Employers hire or downsize in response to changing technologies, trade
patterns, demographics and other factors. Hiring and job separation rates are flow measures that could
provide a fuller picture of labour market dynamics and early signals that may not yet be visible in
aggregate employment numbers. For instance, the absence of net changes in employment in some
occupations might mask a decline in hiring matched by a decline in quit rates triggered by workers’
concerns about employment opportunities (or lack thereof).

There is ongoing debate regarding which groups of workers could be impacted by Al. One hypothesis is
that Al could make existing workers more productive, thus reducing the need to hire new workers (e.g.,
Davenport and Srinivasan 2026), particularly for entry-level roles (e.g., Brynjolfsson et al. 2025; Hosseini
Maasoum and Lichtinger 2025). Conversely, by making some groups of workers potentially more
productive, Al might induce firms to hire more of these workers.2

This article examines hiring and job separation rates for employees aged 15 to 64 in Canada using Labour
Force Survey (LFS) data from January 2006 to August 2026, distinguishing jobs based on their potential
occupational exposure to and complementarity with Al. It does so using the complementarity-adjusted Al
occupational exposure (C-AIOE) index.

1. The empirical evidence on Al's employment impacts in the United States so far is mixed. Some studies found no early signals
yet of Al's impact on labour (e.g., Eckhardt and Goldschlag 2025; Budget Lab 2026). Other studies noted slower growth
rates for jobs potentially more exposed to Al since November 2022 (e.g., Brynjolfsson et al. 2025; Hosseini Maasoum and
Lichtinger 2025; Crane and Soto 2026), but no clear conclusions can be drawn, especially when viewed through a broader
macroeconomic lens (Iscenko and Millet 2026).

2. Alternatively, Al might help firms overcome workforce recruitment challenges in some occupations (Carioli et al. 2026).
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The hiring rate measures the share of newly hired employees in a given month.3 New hires are identified
as LFS respondents who reported a tenure of one month. Job separation rates measure the share of
employees who separated from their employer in a given month for any reason. Separations are
calculated as new hires minus the net change in paid employment between the current and the previous
month (Morissette et al. 2013; 2016).

The C-AIOE index was developed in the United States by Felten et al. (2021) and Pizzinelli et al. (2023).
It has been applied to Canadian data in a number of articles (e.g., Mehdi and Morissette 2024; Mehdi
and Frenette 2024; Mehdi and Frenette 2026; Mehdi et al. 2026; Leanage and Mehdi 2026; Li and Dobbs
2025).

Hiring rates for younger workers have generally declined over the past five
years regardless of potential occupational exposure to artificial intelligence

The hiring rate for employees aged 15 to 29 in occupations potentially highly exposed to and highly
complementary (HEHC) with Al—jobs potentially more amenable to Al augmentation as opposed to
substitution—edged down from 2.9% in the six months leading up to November 2022 to 2.5% in the six
months leading up to August 2026 (Chart 1). Over the same period, this rate edged down from 3.2% to
3.0% in occupations potentially highly exposed to and less complementary (HELC) with Al—jobs
potentially more amenable to Al substitution. A more sustained slowdown in hirings was observed in
occupations potentially less exposed (LE) to Al, where the rate decreased from 4.0% in the six months
leading up to November 2022 to 3.3% in the six months leading up to August 2026.# Hiring rates in
coding-intensive occupations—a subset of HELC jobs—decreased from 2.5% to 1.9%.

3. Unlike the job finding rate, which captures transitions from unemployment to employment (e.g., Statistics Canada 2026b),
the hiring rate captures unemployment-to-employment and job-to-job transitions. Hiring and job separation rates in this study
are based on LFS microdata custom tabulations, which were subsequently seasonally adjusted using X-13ARIMA-SEATS,
and then six-month moving averages were taken to reduce sampling variability.

4. Examples of jobs highly exposed to and highly complementary with Al include doctors; nurses; teachers; and civil,
mechanical and electrical engineers. Examples of jobs with high exposure to and low complementarity with Al include
coding-intensive occupations, financial analysts, sales representatives and data entry clerks. Examples of jobs with low
exposure include trades and other physically demanding occupations.
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Chart 1
Hiring rates by potential occupational exposure to and complementarity with artificial intelligence,
and age group, January 2006 to August 2026, six-month moving average, seasonally adjusted

percent High exposure and high complementarity occupations
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Notes: The dashed vertical line demarcates the public release of ChatGFT in November 2022, which led to the mass availability of generative
artificial intelligence (AI) technologies. The sample consisted of employees aged 15 to 64 living in Canada's 10 provinces. The hiring rate
measures the number of newly hired employees as a share of all employees. Potential occupational exposure to and complementarity with AI
was measured using the complementarity-adjusted Al occupational exposure index developed by Felten et al. (2021) and Pizzinelli et al. (2023).
High-exposure and high-complementarity occupations are those that are potentially more amenable to Al augmentation rather than substitution.
High-exposure and low-complementarity occupations are those that are potentially more vulnerable to Al substitution. Low-exposure occupations
are those that are potentially less exposed to Al The following 2021 National Occupational Classification job titles were selected as coding-intensive
occupations, which are a subset of high-exposure and low-complementarity occupations: data scientists, cybersecurity specialists, business systems
epecialists, information systems specialists, database analysts and data administrators, computer systems developers and programmers, software
engineers and designers, software developers and programmers, web designers, and web developers and programmers.

_ Sources: Statistice Canada, Labour Force Survey; and Occupational Information Netwaork.
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Thus, it is unclear whether lower hiring rates reflect advances in disruptive technologies or the cumulative
effects of competing economic forces—e.g., rapid population shifts, trade shocks, and labour market
adjustments following an expansionary period as the job market recovered after the COVID-19 pandemic.
Hiring rates generally began decreasing before the mass availability of ChatGPT in November 2022,
regardless of potential Al exposure. Moreover, in areas where Al is expected to have a larger impact,
changes arrived before the widespread recognition of the capabilities of large language models. For
example, the hiring rate for workers aged 15 to 29 in coding-intensive occupations started decreasing in
early 2022, after reaching a 15-year high of 5.8% in the six months leading up to November 2021.

Hiring rates for employees aged 30 to 49 and 50 to 64 were lower and more stable than for the 15-to-29
age group. Hiring rates (and job separation rates) are usually higher for younger workers because, among
other factors, they are more likely to enter the workforce for the first time and be in high-turnover jobs,
and they may be more amenable to changing jobs or leaving jobs (because they may have fewer family
commitments or for other reasons).

Job separation rates have generally remained stable over the past five
years regardless of potential occupational exposure to artificial intelligence

The job separation rate for employees aged 15 to 29 in HEHC jobs remained at around 2.2% from the
six months leading up to November 2022 to the six months leading up to August 2026. This is very similar
to the rates observed over at least the last two decades (Chart 2). Over the same period, this rate for
HELC jobs averaged roughly 2.9% which is well within the historical range for HELC jobs. Job separation
rates in LE jobs have generally stabilized around 3.2% over the same period. Job separation rates in
coding-intensive occupations increased from 2.4% to 3.5% but the trend was more volatile possibly
because of a relatively small sample. Job separation rates for employees aged 30 to 49 and 50 to 64
generally mirrored the trends observed for those aged 15 to 29, but the rates were lower in magnitude.
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Chart 2

Job separation rates by potential occupational exposure to and complementarity with artificial
intelligence, and age group, January 2006 to August 2026, six-month moving average, seasonally
adjusted

percent High exposure and high complementarity occupations
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Motes: The dashed vertical line demarcates the public release of ChatGFT in November 2022, which led to the mass availability of generative
artificial intelligence (AI) technologies. The sample consisted of employees aged 15 to 64 living in Canada's 10 provinces. The job separation rate
measures the number of employees who separated from their employer for any reason as a share of all employees. Potential occupational exposure
to and complementarity with AI was measured using the complementarity-adjusted Al occupational exposure index developed by Felten et al. (2021)
and Fizzinelli et al. (2023). High-exposure and high-complementarity occupations are those that are potentially more amenable ta AI augmentation
rather than substitution. High-exposure and low-complementarity occupations are those that are potentially more vulnerable to Al substitution.
Low-exposure occupations are those that are potentially less exposed to AL The following 2021 National Occupational Classification job titles were
=elected a= coding-intensive occupations, which are a subset of high-exposure and low-complementarity occupations: data scientists, cybersecurity
=pecialists, business systems specialists, information systems specialists, database analysts and data administrators, computer systems developers
and programmers, software engineers and designers, software developers and programmers, web designers, and web developers and programmers.
_ Sources: Statistics Canada, Labour Force Survey; and Occupational Information Network. R
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Conclusion

There is no broad evidence that the rise of Al has led to substantial decreases in hiring or increases in
job separation rates in Canada so far, even for younger workers and those in occupations potentially
more amenable to Al substitution. Hiring and job separation rates observed from the six months leading
up to November 2022—when ChatGPT publicly launched—to the six months leading up to August 2026
were generally within historical ranges or represented a continuation of pre-existing trends.

Mehdi and Frenette (2026) found that employment growth for younger workers was relatively weak in the
post-pandemic period, regardless of potential occupational exposure to Al. The findings of the current
article suggest that this pattern may have been driven primarily by slower hiring (a continuation of earlier
trends), rather than faster job separations.®

These insights represent early evidence and complement those of Mehdi and Frenette (2026) regarding
the evolution of the Canadian labour market amid not just technological changes but a confluence of
other economic forces. As Al adoption accelerates, it will be essential to continue monitoring labour
market trends to better understand how technological changes are reshaping the economy—and for
whom.
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5. Brouillette et al. (2026)—using an alternative measure of potential occupational exposure to Al—found that it has been
getting relatively harder for unemployed people to gain entry into jobs potentially more exposed to Al but acknowledged
that several economic factors could be driving this trend.
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